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For more than three decades, SQL 
has been the backbone of business 
intelligence.

If an organization wanted answers, 
it needed people who understood 
databases, schemas, joins, filters, and 
aggregation logic. Business users asked 
questions in plain language. BI analysts 
translated those questions into SQL. 
Databases returned rows and columns. 
Analysts then translated those outputs 
into charts, reports, and narratives that 
decision makers could understand.

This model powered the rise of 
enterprise BI.

It also shaped how organizations thought 
about data. Insight flowed through 
specialist teams. Logic lived inside 
queries. Knowledge accumulated slowly, 
often undocumented, and was difficult to 
transfer. When a key analyst left, years of 
institutional understanding often walked 
out the door with them.

For a long time, this was acceptable. 
Decision cycles were slower. Data 
volumes were manageable. Fewer 
systems meant fewer definitions to 
reconcile.

But as businesses became more 
complex, cracks began to appear.

Reporting queues grew longer. 
Dashboards multiplied. Excel filled the 
gaps between what people wanted to 
know and what systems could easily 
provide. Leaders had more data than 
ever, yet less confidence in what 
to trust. Different teams produced 
different numbers. Meetings focused on 
reconciling metrics rather than making 
decisions.

Today, a new idea is gaining momentum.

Instead of writing queries, what if we 
could simply ask questions?

With modern AI models capable of 
interpreting natural language, the promise 
is compelling. Anyone can ask a question. 
The system figures out how to answer it. 
No SQL. No joins. No waiting.

This shift has triggered a familiar question 
across BI teams and analytics leaders 
alike.

Is prompt engineering becoming the new 
SQL?

This guide explores why that comparison 
exists, where it holds up, where it breaks 
down, and what BI analysts need to 
understand as AI becomes a permanent 
part of the analytics stack.

Introduction: From  
Queries to Questions



SQL did not become dominant by 
accident.

Databases are precise machines. They 
do not infer intent or interpret ambiguity. 
They require explicit instructions. SQL 
provided a formal, structured language 
that allowed humans to express business 
logic in a way machines could execute 
reliably and repeatedly.

Over time, SQL became the gateway to 
insight.

If you wanted answers, you needed 
someone who could write the query. 
BI teams became translators between 
business intent and technical execution. 
They understood the data model, the 
business rules, and the quirks of the 
underlying systems.

This created enormous value.

A good BI analyst could take a 
vague business question and turn 
it into a precise, repeatable answer. 
Organizations invested heavily in data 
warehouses, ETL pipelines, and reporting 
layers to support this process.

But SQL also introduced hidden costs.

Logic lived inside queries rather than 
shared definitions. Two analysts could 
answer the same question differently. 
Small changes required rewrites. 
Complex reports became fragile and 
difficult to maintain. Over time, reporting 
environments accumulated what many 
teams now call reporting debt.

SQL scaled access to data. It did not 
scale decision making.

The Historical Role of SQL  
in Business Intelligence



Prompting feels fundamentally different.

Instead of learning a technical language, 
users can type questions such as:

•	 Why did revenue fall last quarter?

•	 Which customers are most at risk?

•	 What should leadership focus on next 
month?

AI promises to interpret intent, explore 
the data, and return explanations rather 
than spreadsheets.

From the outside, this looks like a major 
leap forward.

No more waiting for reports. No more 
backlog. No more dependency on 
technical specialists.

In that sense, prompt engineering 
appears to democratize analytics in a 
way SQL never could.

It also aligns with how people naturally 
think. Humans ask questions. They do 
not think in joins and groupings. Natural 
language feels closer to decision making 
than rows and columns ever did.

This is why the comparison keeps 
coming up.

Prompt engineering feels like a more 
accessible, more human version of SQL.

But accessibility alone does not 
guarantee reliability.

Why Prompt Engineering 
Feels Like the Next Evolution



Despite the differences in interface, SQL 
and prompt engineering share important 
similarities.

With SQL, results depend entirely on 
how the query is written. Small changes 
in joins, filters, or aggregation can 
dramatically alter outcomes. Business 
rules are often embedded directly in 
queries, making them hard to audit or 
reuse.

With prompts, results depend on wording, 
context, and implicit assumptions. Two 
people can ask what appears to be the 
same question and receive different 
answers. Logic lives in how prompts are 
phrased rather than in shared, explicit 
definitions.

In early AI driven BI experiments, a 
familiar pattern quickly emerges.

A small group becomes very good at 
prompting. They learn which phrases 
work, how much context to include, 
and how to steer the model away from 
irrelevant answers. Over time, this 
knowledge becomes tribal.

This is exactly how SQL expertise 
evolved.

The language has changed. The dynamic 
has not.

The Hidden Parallels 
Between SQL and Prompt 
Engineering



Prompt engineering is undeniably 
powerful.

But when it becomes the primary 
interface to business data, it introduces 
significant risks.

Inconsistency
AI models interpret language 
probabilistically. Without constraints, the 
same question can produce different 
answers depending on phrasing, timing, 
or surrounding context. That variability 
may be acceptable for brainstorming, 
but it is dangerous for operational and 
financial decisions.

Invisible logic
AI outputs often sound confident and 
articulate. But the reasoning behind them 
is hidden. Which data sources were 
used? Which definitions applied? What 
assumptions were made? When answers 
cannot be explained, trust erodes quickly.

Definition drift
Without enforced definitions, AI may 
apply different interpretations of revenue, 
margin, customer, or performance across 
conversations. Over time, numbers 
stop lining up. Teams spend more time 
debating metrics than acting on them.

New bottlenecks
Instead of SQL experts, organizations 
end up with prompt experts. Knowledge 
still lives in people rather than systems. 
The dependency problem remains, just in 
a different form.

Prompt engineering alone does not 
remove complexity. It simply relocates it.

The Prompt  
Engineering Trap



This is where semantic layers re-enter 
the conversation.

A semantic layer defines what data 
actually means. It standardized metrics, 
dimensions, hierarchies, and business 
rules.

Revenue is defined once.

Margin is calculated once.

Customer has a single, agreed meaning.

In traditional BI, semantic layers 
ensured consistency across reports and 
dashboards.

In an AI driven world, they become 
essential.

AI needs structure to reason reliably. 
Without it, models fill gaps creatively. 
That creativity can be useful for 
exploration, but it is dangerous for 
decisions.

Prompting without a semantic layer is like 
running SQL without a data model.

You may get answers. You cannot trust 
them.

Why Semantic Layers  
Matter More Than Ever



Traditional semantic layers were 
designed for reporting.

They abstracted tables and columns into 
business friendly terms so BI tools could 
generate charts and dashboards. That 
was sufficient when most questions were 
descriptive.

Modern organizations need more.

Data now spans ERPs, CRMs, finance 
systems, supply chain platforms, and 
operational tools. Each system embeds 
business logic in different ways. The 
meaning of a transaction often depends 
on where it sits in a process, not just 
which table it lives in.

This is where Application Intelligence 
becomes critical.

Application Intelligence understands:

•	 How source systems actually operate

•	 Business processes rather than raw 
tables

•	 Lifecycles, workflows, approvals, and 
exceptions

For example, an ERP system is not simply 
invoices and payments. It represents 
order lifecycles, supplier terms, approval 
chains, settlement behavior, and 
operational exceptions.

When AI understands this context, it can 
reason properly.

Not just what happened, but why it 
happened.

Prompt engineering alone cannot infer 
this reliably. It needs an intelligence 
layer that already understands how the 
business works.

From Semantic Layers to 
Application Intelligence



When leaders see AI generated analysis, 
their first concern is rarely speed.

It is trust.

Can I explain this to the board?

Do I know where the numbers came 
from?

Would this stand up to scrutiny?

This is where guardrails matter.

Guardrails enforce:

•	 Approved data sources

•	 Agreed business logic

•	 Transparent reasoning

•	 Repeatable outcomes

Without guardrails, AI answers may 
sound plausible but cannot be audited.

With guardrails, AI becomes a true 
decision support system rather than a 
black box.

For BI analysts, this is a critical shift. The 
goal is no longer just to produce answers, 
but to produce answers that can be 
defended.

Guardrails: Turning  
Answers into Decisions



Prompt engineering still has a role.

It is valuable for:

•	 Exploration

•	 Hypothesis testing

•	 Early discovery

•	 Ad hoc questioning

For BI analysts, prompts can accelerate 
investigation and guide deeper analysis. 
They can help surface patterns 
worth validating and questions worth 
formalizing.

But prompts should sit on top of strong 
foundations, not replace them.

Those foundations include:

•	 Semantic layers

•	 Application Intelligence

•	 Governance and guardrails

When these are in place, prompt 
engineering becomes an accelerator 
rather than a liability.

The Place of Prompt 
Engineering in a Modern  
BI Stack



This thinking underpins eyko Playbooks.

Playbooks are not free form prompts. 
They are structured decision assets built 
around how leaders actually consume 
information and make decisions.

Each Playbook:

•	 Uses consistent semantic definitions

•	 Understands application context across 
systems

•	 Applies guardrails automatically

•	 Makes reasoning visible rather than 
hidden

Users do not need to learn prompt 
engineering. The intelligence is curated. 
Questions are framed around decisions, 
not exploration.

Instead of a single answer, Playbooks 
deliver a narrative:

What changed.

Why it changed.

What to focus on next.

This approach reflects a shift away from 
asking better questions toward building 
better intelligence.

How This Philosophy 
Appears in eyko Playbooks



The short answer is no.

Prompt engineering is useful, just as SQL remains 
useful.

But on its own, it recreates familiar problems:

•	 Dependency on specialists

•	 Inconsistent outputs

•	 Logic locked in individuals rather than systems

The real shift is not from SQL to prompts.

It is from raw querying to guided intelligence.

So Is Prompt Engineering 
the New SQL?



For BI analysts, this transition represents an opportunity rather than 
a threat.

The role evolves from writing queries and building reports to 
designing intelligence models and decision frameworks.

Understanding business processes, systems, and semantics 
becomes more valuable than mastering any single language.

BI analysts move closer to decision making rather than further away 
from it.

They become architects of trust, not just producers of outputs.

What This Means for  
BI Analysts



SQL was never really about syntax.

It was about translating business intent into something machines could execute.

Prompt engineering is similar.

The mistake is focusing on the language rather than the outcome.

The future of BI is not about swapping SQL for prompts.

It is about building systems that consistently turn data into decisions.

That is the real evolution.

Conclusion: Beyond 
Languages




